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ABSTRACT

The system used to predict the result of Microsoft Office usability and create a model
for prediction of the students at a private university by using the sample of the students the
first year who are registered for Applications Usage for Modern Organization classes in semester
1/2018. This paper uses sample data from undergrad students (freshmen) in six majors including
modern trade Business management major, aviation business management major, business
Chinese major, real estate and facility management major, English Language teaching major
and corporate and brand communication major. Each sample has nine attributes, the total data
sets are 1097 which applied in two different data forecasting techniques are decision tree and
random forest. The testing performance of the classification is evaluated in term of classification
accuracy using various measures such as precision and recall. The results have been found that
the performance of random forest is better in all classes of prediction compared to the decision
tree. The best prediction accuracy of the random forest is 96.41 % and result in satisfaction of

the users is 4.22 which is desirable.
KEYWORDS: Application, Forecast, Model, Data Mining
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250
225
200
175

150

125

100

75

50

: - m B
o S— - S :

not pass

Result Test Word

Andl 4 fegrimvegeuilendulszinananisnaaeuU) U lulastendnsa (Fun MS WS)

IN0INT 4 wanafiegenan1s  seAuliunans (Medium) wagsedudn (Low)
nadouUNIUIBUsEINaNaN TIAaeUUATR  Sawaveanisviungvessuunuin nsvinung
lulasvondidndiga (Fun_MS_Ex) Tasuassssau  augnsesdayadiulvgllndidesdiudeyasss
voamsAeUun 3 Aana Ao AU (High)

650

s23 Result Predict Excel
o =00 o 2 2/

575 “W’I‘Li"lEJQﬂ(;I'&N joauay 95.08
550 o ] @ %
. vimnelsdgneas Souay 4.92
i Actual W High B Low B Medium
475
50 Predict M High M Low M Medium
425
400
375

g 350

g 325

“ 300

275
250
225
200

175
150
125
100
75
50
: m
0 — = -

pass not pass

Result Test Excel

AWd 5 MegrunmmegeuilsidulszinanansmedeuUfUR lulassenaendiwa (Fun_ MS_EX)
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NN 5 LARIRIDENINANITNAFDU Yrunatg (Medium) wazseausi (Low) F9NaD3

nsviutgysertanantsujudlulaseeds  MIvhungvessuunuIINSTiuIeANgnees
W1IBINOLA (Fun_MS_PPT) lnguansseiuves  JayadiulvglnalAesiutoyass

NSADUINUA 3 AANE A SeAUEa (High) seau
7751

750
7251

700 Result Predict PPT

650 viunegndes Sevay 9635

oo unglignéies fevay 3.65

:;; Actual  EHigh B Low B Medium
:21(5: Predict B High B Low W Medium

475 4
450
4251
400 {
375 {
350
325 |
300 |
275
250
2251
200 {
1751
1501
125 4
100 {

751 I

501

251

PL! — P

Pass Mot pass

Frequency

|

Result Test PPT

a# 6 FrvgeniageuilsitulszInananisUfuRlulasenAnes e (Fun_ MS_PPT)

INAMT 6 LARITIDENINANITVIAEDY
n5%1u1e TnouanisyaUY0INTISABURINY
3 Aand Ae syAuas (High) sgaudiunans
(Medium) LAy sz U (Low) Fawavosnsvhuie
YBITLUUNUIN A1F7IUIEAINYNA DIV YR
drulnglndiAesiutoyadse

SEUUTIWRRIUN
NaTINMTIATIEAFINATT WUy
$ransfiadnslauiinisesnuuuasiaun iy
syUU (eAdn LNRY1I, 2558) dadusunuy
F1USUNRIUINITYIIUIYNANITADUTATEAUAINY
Feamngvnasu MOS vesindnwdanind 7
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PIM SMART PASSPORT

AN 7 WEAASUNDNENYDILUTHNTL
w1 nmilaegdey

JupausslUdlaiBunsyuienalinseau WUAMSANUTNAN Y L USUR LA HAILUNA UL
ANUTIYNIIU MOS vestin@ne tielu WAAINTINADNANITUIUIIAININT 8

PIM SMART PASSPORT

GPA - 3.XX
Tel - 092-XXXXXXX

'\ / Email : XXX@gmal.com

YEAR1 & YEAR2  VEAR3  YEAR4

Thai - AJ. Pomnsiri Chartpreecha

IT - AJ. Chanakam Kingkaew

hitp/fpimelearming pim ac thipimit

Good!!

Eng - AJ. Chutima Uttamamunee

Activities Name : Teacher Assistant

Description : I'm a TA(Teacher Assistant) in Programming class and OOP class on 2015 -2016

+ADD MORE

AN 8 NUNIBWAAINANITVINUY
w1 nmileedey
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NAAUNIND RINUUUFDUAINRBNS IUSZUY

A338lA 385U sEIiuYsvansamn
AMUNINDL9v89n15IFIUTTUUIUI8HANS
doutnssiumuderagviediu MOS ae

IS4 [ 1
HFABDULUUADUINITUIU 50 Ay LL‘U\‘iL‘{ju

wievne 24 au AniluSosay 48.00 wazlnAnd

17U 26 AU AnuSesar 52.00 fis1eazldun

o - =i
PNANTNN 4 LLaEHI1519N 5

M13199 4 MITIUAAITIUIULAL TRUATVBIERDULUUU T

LW MU Fowaz(%)

U418 24 48.00

T 26 52.00
GELERET 50 100

A15199 5 M5 1UEAIANNAINBTaAUATTITIUTEUUASYINUNETEAUANITEITIYNIAIU MOS

AunslgausEUU ARy sTAUAUARLTLY
1. | ssuvanunsavihnulagneies glifienufisnelalusedula 4.43 fanelaunn
2. | szuvanunsaUsznananisiegeunisaeuluilulasyena 3.93 fawalaUiunans
aonilalagnsias
3. | amudilunisnevaussesszuuInntaeiiiadla 4.28 Aawalann
4. | sruumslensiuagyhunsranisaeuinseRuaIdTey 3.95 Asnwelatunang
11991U Microsoft Office Specialist (MOS) fuselavilsioviiu
nntouiiiadle
5. | walpesaviudanuianelalunsldsyuuluseaula 4.54 Aawelannn
asunnsau 4.22 wawalagn

AR5 5 umsnauansauAnuiu
AN15IUTEUUNTRRMUITEUUNITIATIER
wazyunEHansERU ISR UATIIEI IS
AU MOS vasiinAny dusuauianelasiu
sruvatnsainulagniesinayseiiiuaiiy
Wanela o 4.43 agluszauiianelauin diu
srUUEINsaUsEIARaN IAdeuN1Sae U U UR
Lulasgondeanile lagndesdinaUszidiuaiy
Wenely Ao 3.93 azuuu agluszduiianela
Uunan

AU TUN A DUAUBIVDITE UL
4 = = a = A

windesiiiodda Tnaussdiuanuiianely As
4.28 pzuuu aglusyauiianelasnn duszuu
NTIATIZYRALINUNENANTTARUINTEAUAIY
\We91Qn19AIUL MOS iuseleainavinuinnioy
wiesla dnaussiiiuauianela Ae 3.95 AU
aglusziuianalatiunany uagkalagsiuvinu
= = ¥ = a
fianuiianelalunisldssuy dnausediuainy
anela fie 4.54 avwuu aglusyauianalauin
agdanuiisnalanunslinussuu dnausediv
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Anuilanela fie 4.22 Azuuu egluseiuay
anelaun

dsUunanazanusiey
HAIINNTIATIZVAETUTUNTH Scikit-
Learn Fadulugavesniun Python lddanns
309 M3Beu30A3853NS (Machine Learning)
wagmsvimilestoya (Data Mining) lag8aan
N13AN¥19NATVeIIIENT vusUssiass (2560)
fiensansiuusunesmloisauldlunside
fildnauszansnings uay anusang 2adius

v a

(2551) Nleoanasiuaulidagdulauivinns
Wi linan15idediyseansainas galu
ce B X 4 . o
NN5I8ASIT LYY 2 9aNDINUNITIT LU
N1sNAaeIluAIN1TIUIgHAILLL UEE S
Faaannaasldlunrudeidu vinlrulalaqn
U Al d‘v = a o gj = a a
dansnunfmdenulglunsITetuUsEaANS AN
1 d' =
wazuRee
ﬁl o U =1 %
Wiauoanasiuunlglun1swaunssuy

[y

fovhnslasgilazyusnansaauIas U
Audeamneiny MOS Taenslésanesiiu
wsuneued dududanesiudifiuszansnm
wu Yadeiifinanenismedeuntsinssau e
Wavian 9 fudsudn de 1. @wnd 2. Hans
dduBou 3. udidvunlivh 4. nanisvadey
UuRlulasgendiige 5. nan1svaaauUjus
lulaswosddndwa 6. nan1snaaauljus
lulasgenaniiiesnesd 7. nan1syngeusIy
8. SLAUNANISISLU hay 9. NNSINTLAUNITEDU
TngdarAnuudugnvinunene Sevay 96.41
Fsdiednegluinamigslndifssiunisusyanana

Tulusunsu Scikit-Learn @aaguladn aadnuns
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wenuafigaunldinnuyndedefiauisaii
Sanosfunldlunsiaussuudumadennds
fazanusatiafunwmslisuin@nulsmsu
Joyalun1sUsuiiazdnn1siudeyanianiu
nsBeuvesnweslirunzaundaiy S
Haaguadudianalanunisldnussuuay
Wanala A 4.22 Azuwuu agluseauauiianela
wn Fuflesuranldaudtowasiiuionals
TnaAgatuauluass

JYDLAUDLUZ

datauauuzlunisdinansideluly
Uszlawd

nwan1sIselumaiilaanunsaslule
WevueauaiusavesnisldlusunsuLas
N3IUTEHUAMLTEIIYNIA U Microsoft
Office Specialist (MOS) ey etndnwas
lpSnuies wagnwnhenuaansalivsenaunis
fTUINITIANALAZANASIANEINTALTE
wdatule

Foauauuzlumsiseadsely

1. @Sauuudaesdmsunsyiuiglena
NSSURIYINU

2. dman1sveluldiuantufnuivane
winiled anadugviveIn1side

3 yiuideiiiuitelaenadesiv
AUdEIyi AN Sad AT

4. [n1snegeudssansnmnusaneasid
3u W WIBNUE (Naive Bayes) wiomany
duiusvestoyamenganuduius (Association
Rules)
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NNAWUS 2557, 90 http://www.mict.
go.th
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JeRURALANYI. Journal of Information
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watlamiiasdayainauusinoadwn

o v =

dniuidnfAnu1USgyg1ns ams
Tusiuman unIIngrasdadins.
ANYIANUS AaUAIENST UN1U A
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IR, I TnusUS I Uaudie
UNINUIRELNYATANEANS
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Villacampa, O. 2015. Feature selection and
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