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ABSTRACT

The study is to implement data mining techniques for reducing the resignation rate
of employees as well as decreasing expenses caused by the recruitment processes in an
insurance company. The analyzed data set is the data of resigned employees and employees
who are still working from the year 2013-2017. The data of 1,000 items with 11 attributes
is analyzed using association rule mining to find the patterns and relations of employee
resignation. Moreover, five predictive models for the resignation of employees using decision
tree, support vector machine, neural network, naive Bayesian and nearest neighbor techniques
have been conducted. The efficiency comparison among those five models are performed
based on 5-fold cross-validation technique. It is found that the factors that are related to resign
decision are salary, working age, career advancement, performance evaluation and relation-
ship with supervisors. The results of the model evaluation show that the decision tree predic-
tive model yields the highest accuracy at 91.03%, while support vector machine technique’s
predictive model yields accuracy of 90.93%. Neural Network technique predictive model yields
accuracy at 90.75%. Naive Bayes and K-Nearest Neighbors models yield 89.60% and 82.10% of
accuracy, respectively. These results can be applied to compensation strategies for employee

retention. Also, it can be a guideline for human resource information systems in the future.

KEYWORDS: Resigning Behavior, Association Rule, K-Nearest Neighbors, Decision Tree, Neural

Network, Naive Bayes, Support Vector Machine
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